
452 
 

Online Learning Journal – Volume 30 Issue 3 –September 2026 

What Drives Generation Z Pre-Service Teachers’ 
Acceptance of ChatGPT-assisted Teaching Practicum? 

The Roles of Enjoyment and Trust 
Laily Rahmatika 

Universitas Muhammadiyah Surakarta, Indonesia 
 

M. Monjurul Islam 
Universiti Pendidikan Sultan Idris, Malaysia 

 
Ghadah Al Murshidi 

United Arab Emirates University, United Arab Emirates 
 

Samsudeen Sabraz Nawaz 
South Eastern University of Sri Lanka, Sri Lanka 

 
Eka Mustika Riantina 

Sekolah Tinggi Ilmu Agama Islam Baturaja, Indonesia 
 

 
Abstract  
The growing presence of generative AI (GenAI) tools such as ChatGPT is reshaping teacher 
education, yet there is still limited empirical attention to the emotional and relational aspects that 
shape their willingness to adopt. This study extends the Technology Acceptance Model (TAM) 
by incorporating perceived enjoyment and trust to examine how Generation Z pre-service 
teachers (PSTs) in Indonesia accept and use ChatGPT-assisted teaching practicums. A survey 
involving 445 participants was analyzed using Partial Least Squares Structural Equation 
Modeling (PLS-SEM) with SmartPLS 4. The results reveal that perceived enjoyment 
significantly predicts both perceived usefulness and perceived ease of use, while trust primarily 
affects perceived usefulness. Moreover, perceived enjoyment, trust, and perceived usefulness 
significantly shape Generation Z PSTs’ attitudes toward ChatGPT, which subsequently predict 
their intention to use it. Interestingly, trust does not significantly influence perceived ease of use, 
and perceived ease of use shows no direct effect on attitude. The extended model explains 60.2% 
of the variance in perceived usefulness, 46.0% in perceived ease of use, 49.0% in attitude, and 
45.6% in intention to use, indicating moderate explanatory power. These results demonstrate that 
affective and relational dimensions significantly shape how pre-service teachers embrace 
ChatGPT, offering practical insights for the design of AI-supported practicum models that 
encourage ethical awareness, emotional engagement, and the long-term advancement of 
pedagogical innovation. 

Keywords: ChatGPT; Generation Z; pre-service teachers, Technology Acceptance Model, 
teaching practicum 
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Generative artificial intelligence (GenAI) tools such ChatGPT are transforming teacher 
education globally. As an intelligent instruction assistant, ChatGPT supports pre-service teachers 
(PSTs) manage multiple aspects of lesson preparation, classroom interaction, and student 
assessment (Bae et al., 2024; Ihsanurrahmah et al., 2025; Kusuma et al., 2024; Lee & Zhai, 
2024). Through their capacity to generate teaching materials, simulate pedagogical dialogues, 
and offer instant feedback (Adam et al., 2025; Barbieri & Nguyen, 2025; Gamlem et al., 2025; 
Kusuma et al., 2024), ChatGPT helps reduce cognitive demands and enhance pedagogical 
reflection, particularly during teaching practicums that demand adaptive decision-making and 
emotional regulation (Daud et al., 2025; Wulandari & Purnamaningwulan, 2024). Yet, its 
effectiveness depends not only availability of technology but also on PSTs’ readiness to use it 
responsibly, creatively, and ethically within authentic instructional contexts. For Generation Z 
PSTs, born between 1997 and 2012, who are immersed in technology-rich environments, 
ChatGPT offers new opportunities for pedagogical innovation but also exposes a persistent gap 
between digital fluency and pedagogical competence (Lucas et al., 2025). Although many of 
these teachers are technologically proficient, they often lack the pedagogical insight and ethical 
awareness required for the responsible integration of ChatGPT into classroom practice (Bae et 
al., 2024). This imbalance between technological competence and pedagogical readiness 
underscores the need to examine the psychological and motivational factors influencing 
Generation Z PSTs’ acceptance and use of ChatGPT in real classroom settings, particularly 
within developing regions such as Indonesia. 

In Indonesia, the adoption of GenAI like ChatGPT into higher education is part of the 
government’s broader initiative to accelerate digital transformation. This initiative is regulated by 
the Ministerial Regulation on Higher Education, Science, and Technology No. 39 of 2025 
concerning Higher Education Quality Assurance, which emphasizes technology-enhanced 
learning and comprehensive quality assurance reforms. The regulation establishes a national 
framework that promotes adaptability to scientific and technological advancements, strengthens 
institutional accountability through internal quality assurance systems, and encourages flexibility 
in the delivery of learning. It further emphasizes the need to embed innovative digital tools and 
instructional technologies, such as ChatGPT, within teacher education curricula to support 
ongoing quality enhancement and reflective teaching practice. This policy aligns with 
Indonesia’s vision of developing digitally skilled and globally competitive educators capable of 
navigating AI-supported learning environments. However, these policy initiatives do not 
automatically translate into effective classroom implementation. Achieving the intended 
outcomes remains a complex process that depends not only on infrastructural readiness but also 
on PSTs’ psychological preparedness to adopt and internalize technologies such as ChatGPT as 
integral components of their professional identities and pedagogical practices. 

Despite these progressive initiatives, empirical research continues to reveal persistent 
inequalities in digital access, infrastructure, and institutional guidance on the pedagogical and 
ethical use of emerging technologies (Sanusi et al., 2024). These disparities suggest that although 
the national digitalization framework provides overall direction for educational reform, its 
implementation remains inconsistent across regions and institutions. As a result, many PSTs, 
while confident in using digital tools, still struggle to align their use of ChatGPT with curricular 
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objectives and assessment standards. This challenge becomes particularly evident during the 
teaching practicum, which represents the capstone phase of teacher preparation in which PSTs 
must translate theoretical knowledge into effective classroom practice under supervision. While 
ChatGPT has been introduced to assist in practicum activities, its use also presents several 
pedagogical and ethical challenges. Studies have reported concerns about factual inaccuracies, 
the generation of biased or culturally inappropriate content, data privacy issues, and students’ 
excessive dependence on AI-generated outputs, which may impede the development of critical 
and reflective thinking skills (Cacho, 2024; Sarwanti et al., 2024). These risks highlight the 
importance of developing teacher education programs that foster not only technological 
competence but also AI literacy, ethical sensitivity, and reflective judgment among PSTs. 
Consequently, Indonesia represents an important context for examining both the opportunities 
and challenges of ChatGPT-assisted practicum teaching in the Global South, where 
infrastructural readiness and cultural attitudes toward AI adoption differ markedly from Western 
contexts. Accordingly, this study seeks to identify the factors that shape PSTs’ acceptance and 
use of ChatGPT in teacher education. 

This study adopts the Technology Acceptance Model (TAM) as its theoretical foundation to 
investigate Generation Z PSTs’ acceptance and use of ChatGPT-assisted practicum teaching in 
teacher education. Although TAM has long served as a robust framework for explaining users’ 
behavioral intentions toward technology adoption, it primarily emphasizes cognitive and 
utilitarian factors while overlooking affective and relational dimensions that shape user 
engagement (Granić & Marangunić, 2019). This limitation restricts TAM’s explanatory power in 
contexts where emotional involvement and interpersonal trust play an essential role, particularly 
in interactions involving ChatGPT. Unlike traditional educational technologies, ChatGPT 
generates autonomous and context-sensitive responses that simulate human conversation. Its 
interactive nature often evokes emotional reactions such as curiosity, enjoyment, and anxiety, 
while simultaneously requiring users to develop trust in the system’s accuracy, reliability, and 
ethical behavior (Albayati, 2024; Polyportis & Pahos, 2024). Therefore, ChatGPT serves not 
only as a cognitive aid but also as an emotionally and socially interactive learning partner. To 
address these theoretical limitations, this study extends TAM by incorporating affective and 
relational constructs, specifically perceived enjoyment (PEJ) and trust (TR), to examine 
Generation Z PSTs’ acceptance and use of ChatGPT-assisted practicum teaching. The study 
specifically aims to: (1) examine the influence of PEJ and TR on perceived usefulness (PU) and 
perceived ease of use (PEOU); (2) explore the effects of PEJ, TR, PU, and PEOU on PSTs’ 
attitudes (ATT) toward ChatGPT; and (3) assess how ATT toward ChatGPT shapes their 
intention to use ChatGPT (IUC) in ChatGPT-assisted teaching practicum. Accordingly, the study 
addresses the following research questions: 

1. How do PEJ and TR affect PU and PEOU in Generation Z PSTs’ acceptance and 
use of ChatGPT-assisted teaching practicum? 

2. What roles do PEJ, TR, PU, and PEOU play in shaping Generation Z PSTs’ ATT 
toward ChatGPT-assisted teaching practicum? 

3. To what extent does ATT toward ChatGPT influence Generation Z PSTs’ IUC in 
ChatGPT-assisted teaching practicum? 
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By addressing these questions through a robust PLS-SEM analytical approach and a 
sample of 445 PSTs in Indonesia, this study provides timely insights into the cognitive, 
emotional, and relational factors that shape ChatGPT acceptance. The results contribute both 
theoretically and practically to advancing the understanding of technology acceptance in teacher 
education. Theoretically, this study extends TAM by incorporating emotional and relational 
factors, thereby enhancing its explanatory power in ChatGPT-mediated learning contexts. By 
integrating affective and relational-based constructs, the model offers a more comprehensive 
framework for understanding how Generation Z PSTs accept and use ChatGPT-assisted teaching 
practicum. Practically, the results provide valuable implications for policymakers and teacher 
educators in designing ChatGPT-integrated teacher education programs that are pedagogically 
sound, ethically informed, and emotionally engaging. These results underscore the importance of 
embedding AI-supported learning experiences that not only promote technological innovation 
but also cultivate ethical sensitivity, emotional engagement, and reflective professional growth 
among PSTs. 

Literature Review 

TAM 

Davis (1989) established TAM to illustrate how user perceptions translate into decisions 
about adopting and using technological innovations, proposing that perceived usefulness (PU) 
and perceived ease of use (PEOU) are the primary determinants influencing users’ attitudes and 
subsequent behavioral intention. Since its introduction, TAM has become one of the most widely 
applied models in technology-adoption and information systems research. However, the original 
version of TAM (TAM1) has been criticized for its limited focus on cognitive and functional 
beliefs while neglecting affective, contextual, and social factors that significantly influence 
technology use in educational environments (Granić & Marangunić, 2019). To address these 
limitations, subsequent extensions of the model, TAM2 and TAM3, introduced additional 
variables such as perceived enjoyment (PEJ), computer anxiety, trust (TR), facilitating 
conditions, perceived risk, and subjective norm (Padilla-Meléndez et al., 2012). The theoretical 
progression highlights that acceptance is no longer viewed as a purely cognitive process, but 
rather one shaped by affective reactions and social conditions. 

Empirical studies have further validated these extensions across various technological 
contexts. For instance, Rahman et al. (2023) integrated PEJ and personal innovativeness to 
investigate how students form attitudes toward ChatGPT, demonstrating that cognitive and 
informational factors play a crucial role in shaping students’ attitudes toward ChatGPT adoption. 
In another study, Al-Adwan et al. (2023) added personal innovativeness in IT, self-efficacy, 
perceived cyber risks, and PEJ to examine students’ behavioral intentions toward the metaverse, 
emphasizing that PU, PEJ, and personal innovativeness in IT significantly enhance students’ 
adoption intentions. Consistent with these results, Han (2024) analyzed Chinese medical 
undergraduates’ use of intelligent tutoring systems by incorporating PEJ, self-efficacy, computer 
anxiety, social influence, and prior experience into TAM, confirming that emotional, 
psychological, and experiential factors strengthen technology acceptance. Albayati (2024) also 
expended TAM by adding privacy, self-efficacy, social influence, and TR to explore 
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undergraduate students’ acceptance of ChatGPT, showing that ATT and TR are key predictors of 
behavioral intention, while privacy and security indirectly support adoption through PU and TR. 
In the e-learning context, Sasongko et al. (2025) integrated PEJ, perceived risk, perceived 
compatibility, and perceived self-efficacy, revealing that PEJ and self-efficacy significantly 
enhance students’ acceptance of e-learning. Similarly, Fitriati et al. (2025) incorporated PEJ and 
self-efficacy into TAM to examine students’ adoption of mobile learning, showing that PEJ and 
self-efficacy significantly drive students’ current and continued use of mobile learning. 

Collectively, these studies demonstrate the theoretical evolution of TAM from a 
predominantly cognitive framework to a multidimensional model that integrates affective, 
relational, and contextual factors, thereby enhancing its explanatory power in technology-
mediated and AI-supported learning environments. Despite these advancements, many TAM 
extensions remain concentrated on functional and environmental aspects, providing limited 
insight into the affective and ethical dimensions that shape users’ interactions with intelligent 
systems. Consequently, emotional engagement and ethical assurance remain underexplored in 
TAM-based studies, particularly in the context of ChatGPT-assisted teacher education. 
Therefore, this study extends TAM by incorporating PEJ and TR to provide a more 
comprehensive explanation of how Generation Z PSTs adopt and utilize ChatGPT-assisted 
teaching practicum. Integrating these constructs broadens TAM’s explanatory scope beyond 
rational evaluation, offering a more human-centered understanding of technology acceptance that 
includes emotional and ethical considerations. Drawing on these theoretical insights, the 
subsequent section introduces the proposed model and hypotheses, which in turn determine the 
methodological strategy used to validate the model. 

Proposed Model and Hypothesis Development 

Drawing on the theoretical insights in the literature review, this study extends the original 
TAM by adding PEJ and TR with the core constructs PU, PEOU and ATT, and intention to use 
ChatGPT (IUC). This enhanced framework provides a more holistic understanding of the factors 
that influence Generation Z PSTs’ adoption of ChatGPT-assisted teaching practicum. The 
relationships among these constructs are illustrated in Figure 1, which acts as the guiding 
framework for hypothesis development and the overall research design. 
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Figure 1 

The Proposed Model 

 

 

Perceived enjoyment. 

Venkatesh (2000) describes PEJ as a user’s feeling of enjoyment that arises purely from 
interacting with a system, separate from any expectation of better performance outcomes. 
Grounded in intrinsic motivation theory (Ryan & Deci, 2000), it reflects users’ internal drive to 
engage with a system simply because they find it interesting and rewarding. This concept 
captures the hedonic dimension of technology use, emphasizing how enjoyable or stimulating 
users perceive their interaction to be (Venkatesh et al., 2012). Within the extended TAM, PEJ 
consistently been shown to influence users’ PU and PEOU of new technology, such as the 
metaverse (Wu & Yu, 2024), online education platforms (Adouani & Khenissi, 2024), mobile 
learning (Fitriati et al., 2025), and GenAI (Cano & Nunez, 2024; Han, 2024; Octavia & Nugraha, 
2024). Moreover, PEJ contributes to shaping users’ ATT toward adopting new technologies 
(Sabbir et al., 2020). On this basis, the following hypotheses are formulated: 

H1: PEJ positively shapes Generation Z PSTs’ PU of ChatGPT. 

H2: PEJ positively shapes Generation Z PSTs’ PEOU of ChatGPT. 

H3: PEJ positively shapes Generation Z PSTs’ ATT toward ChatGPT. 

Trust 

TR refers to users’ belief that a technological system is dependable, competent, and 
ethically developed to safeguard their interests (Chavoshi & Hamidi, 2019). It serves as a critical 
psychological element that shapes individuals’ readiness to adopt and rely on new technologies, 
particularly among younger users (Albayati, 2024). Existing studies have shown that TR 
significantly influences users’ PU and PEOU in artificial intelligence applications (Al Shamsi et 
al., 2022; Alzboon et al., 2025; Octavia & Nugraha, 2024). TR has also been identified as a 
determinant that shapes users’ ATT toward technology adoption (Albayati, 2024; Alzboon et al., 
2025; Polyportis & Pahos, 2024). Therefore, the following hypotheses are put forward: 
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H4: TR positively shapes Generation Z PSTs’ PU of ChatGPT. 

H5: TR positively shapes Generation Z PSTs’ PEOU of ChatGPT. 

H6: TR positively shapes Generation Z PSTs’ ATT toward ChatGPT. 

Perceived usefulness. 

Davis (1989) defines PU as the perception that a technology enhances task effectiveness. 
Within TAM, this perception plays a decisive role in forming users’ ATT toward adopting the 
technology. Research consistently highlights that individuals‘ PU are predictors of their 
willingness to adopt new technologies across diverse fields, including digital learning tools (Ly 
& Doeur, 2024; Sayaf et al., 2022), translation technologies (Li et al., 2024), and ChatGPT 
(Aguilos & Fuchs, 2024; Geddam et al., 2024; Liu & Ma, 2024; Tiwari & Bhat, 2024). 
Accordingly, the following hypothesis is formulated: 

H7: PU positively shapes Generation Z PSTs’ ATT toward ChatGPT. 

Perceived ease of use. 

PEOU is conceptualized as users’ perception that a technology can be operated smoothly 
and without substantial cognitive load (Davis, 1989). Within the TAM framework, PEOU exerts 
a significant influence on shaping users’ ATT toward technology adoption (Venkatesh & Bala, 
2008). Research has shown that PEOU significantly predicts ATT toward adopting various 
technologies, including digital learning tools, translation applications, the metaverse, and GenAI 
platforms such as ChatGPT (Aguilos & Fuchs, 2024; Alejandro et al., 2024; Geddam et al., 
2024; Li et al., 2024; Sayaf et al., 2022; Wu & Yu, 2024). Moreover, PEOU has been found to 
influence PU (Alejandro et al., 2024; Almogren et al., 2024; Al Shamsi et al., 2022; Kılıç et al., 
2025; Sun et al., 2025; Wu & Yu, 2024; Zhang et al., 2023; Zhang et al., 2026). Drawing from 
the findings above, the following hypotheses are formulated. 

H8: PEOU positively shapes Generation Z PSTs’ ATT toward ChatGPT. 

H9: PEOU positively shapes Generation Z PSTs’ PU of ChatGPT. 

Attitude and intention to use ChatGPT. 

ATT defines an individual’s evaluative judgment of whether adopting a given technology is 
beneficial or undesirable (Ajzen & Fishbein, 1975). As noted by Benoit et al. (2009), ATT serves 
as a critical determinant of users’ behavioral intentions to adopt technological innovations. A 
substantial body of research has shown that ATT plays a decisive role in predicting users’ 
intentions to engage with various forms of technology, including online learning platforms 
(Sayaf et al., 2022), metaverse-based applications (Wu & Yu, 2024), translation systems (Li et 
al., 2024), and GenAI tools such as ChatGPT (Alejandro et al., 2024; Dahri et al., 2024; Liu & 
Ma, 2024; Sun et al., 2025; Wu et al., 2024). Informed by this evidence, the following hypothesis 
is formulated: 

H10: ATT positively shapes Generation Z PSTs’ IUC. 
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Methods 

Participants 

This study employed a quantitative cross-sectional design, collecting data through a self-
administered questionnaire completed by PSTs who were recruited using a convenience 
sampling technique. A total of 445 Generation Z PSTs enrolled in teacher education programs at 
public universities in Indonesia completed the instrument, and all responses were considered 
valid for analysis. Among the participants, 53.9% were female and 46.1% were male. Most 
participants (83.4%) were aged 17–20 years, while 16.6% were between 21 and 24 years of age. 
The PSTs were drawn from various academic programs, with the majority majoring in English 
education (30.6%), followed by Indonesian language education (25.2%), primary school 
education (20.4%), informatics engineering education (13.9%), and mathematics education 
(9.9%). Table 1 provides an overview of the participants’ demographic profiles. 

Table 1 

Participants Demographics 

Characteristic Item Number Percentage 
Sex Male  205 46.1 

   Female 240 53.9 
Age 17–20  371 83.4 
 21–24 74 16.6 
Department English education 136 30.6 
 Indonesian language education 112 25.2 
 Primary school education 91 20.4 
 Mathematics education 44 9.9 
 Informatics engineering education 62 13.9 

 

Instruments 

The online questionnaire used in this study consisted of two main parts. The first part 
collected background information from participants The second part captured the core constructs 
of the research model by adapting measurement items from previously validated instruments: PU 
and PEOU (Davis, 1989); PEJ (Davis et al., 1992); TR (Chong et al., 2012); ATT (Taylor & 
Todd, 1995); and IUC (Kordzadeh, 2019), as presented in Appendix A. Responses were collected 
on a 5-point Likert scale, with 1 denoting strong disagreement and 5 representing strong 
agreement. To ensure linguistic and cultural appropriateness for the Indonesian context, a back-
translation procedure was applied. The instrument was initially translated from English to 
Indonesian by a bilingual specialist, after which a separate translator rendered it back into 
English to ensure both conceptual consistency and semantic accuracy. 

A panel of three experts in educational technology and digital innovation evaluated the 
questionnaire to confirm that each item appropriately represented the intended constructs. Their 
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review focused on item clarity, contextual fit, and relevance to PSTs’ use of ChatGPT during 
practicum activities such as planning lessons, creating instructional materials, and obtaining 
pedagogical support. Their feedback led to several revisions aimed at enhancing the 
questionnaire’s alignment with the actual experiences and digital habits of PSTs. Following this 
review, a pilot test was administered to 30 PSTs with characteristics comparable to the target 
sample. This preliminary phase aimed to detect unclear items and evaluate the initial reliability 
of the instrument. Participants were asked to complete the online questionnaire and share their 
impressions regarding the clarity, suitability, and ease of understanding of the items, particularly 
those addressing their use of ChatGPT during practicum activities. Insights from the pilot 
resulted in minor refinements to improve the instrument’s readability and contextual fit for use in 
the main study. 

Data Collection 

The survey was administered online from August 4 to September 28, 2024. The intended 
participants were Generation Z PSTs studying at private universities located in Central Java, 
Indonesia. To maximize accessibility and response rates, the survey link was shared through 
WhatsApp Groups, a platform frequently used by students for academic discussions and 
coordination. To determine eligibility, the first page of the survey included a screening question 
confirming prior exposure to ChatGPT. This filtering step was crucial to ensure the relevance of 
the data to the study’s focus, which centered on individuals with actual usage of the tool. Out of 
460 collected responses, 15 were removed because the participants reported no previous 
experience with ChatGPT. Accordingly, 445 eligible responses were retained and analyzed in the 
final dataset. 

Data Analysis 

To address potential bias associated with collecting self-reported data from a single 
population, the study first evaluated common method bias (CMB). This was done through a full 
collinearity analysis in IBM SPSS 29, following the procedures recommended by Kock and Lynn 
(2012) and Kock (2015). The output confirmed that variance inflation values were within 
acceptable limits, indicating that CMB did not pose an issue in this dataset. Following the 
verification of data quality, the analysis advanced to the use of Partial Least Squares Structural 
Equation Modeling (PLS-SEM) with SmartPLS 4 (Ringle et al., 2024). This method was selected 
due to its capacity to handle complex structural models and its suitability for datasets that do not 
follow a normal distribution, which is often the case in survey-based research (Chin et al., 2003). 
The analysis involved two sequential steps. First, the measurement model was assessed to 
examine the reliability and validity of the constructs. Next, the structural model was tested to 
evaluate the hypothesized relationships. Additionally, predictive relevance was examined using 
the PLS-Predict function in SmartPLS to enhance the practical interpretability of the findings. 
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Results 

Common Method Bias 

PLS-SEM was applied using SmartPLS 4 (Ringle et al., 2024) to examine both the 
measurement and structural models. This analytical technique was chosen because of its 
effectiveness in managing complex variable relationships and its robustness when dealing with 
non-normally distributed datasets, a frequent condition in questionnaire-based research (Chin et 
al., 2003). Since the data were obtained from a single respondent group, the study examined the 
possibility of Common Method Bias (CMB) before proceeding with the model evaluation. The 
assessment followed the full collinearity approach proposed by Kock and Lynn (2012) and Kock 
(2015), implemented in IBM SPSS 29. This procedure involved regressing all latent constructs 
against a common variable and reviewing the Variance Inflation Factor (VIF) scores. Values of 
3.3 or lower were considered acceptable, indicating negligible CMB. The analysis revealed that 
all VIF values met this criterion (see Table 3), confirming that single-source bias was not a 
concern in the dataset. 

Table 3 

Full Collinearity Testing 

Variable PEJ TR PU PEOU ATT IUC 
VIF 2.475 1.302 2.595 2.765 2.225 2.512 

Note. PEJ: Perceived Enjoyment, TR: Trust, PU: Perceived Usefulness, PEOU: Perceived Ease of Use, ATT: Attitude 
toward ChatGPT, IUC: Intention to Use ChatGPT. 

Measurement Model 

The evaluation of the measurement model followed the two-stage analytical procedure 
proposed by Anderson and Gerbing (1988). In the first stage, the measurement component of the 
model was examined to determine the reliability and validity of each construct, following the 
guidelines suggested by Hair et al. (2022). In the subsequent stage, the structural model was 
analyzed to explore the hypothesized links among the study variables. 

To assess reliability, estimates of Cronbach’s alpha and composite reliability (CR) were 
calculated. As shown in Table 4, the Cronbach’s alpha coefficients ranged between 0.778 and 
0.887, while the CR values were between 0.871 and 0.928. All values exceeded the 
recommended minimum of 0.70, indicating that the measurement items consistently represented 
their respective constructs. Convergent validity was assessed using factor loadings and the 
average variance extracted (AVE). All items showed loadings above 0.87, and AVE values fell 
between 0.641 and 0.812, both above the commonly accepted cutoff of 0.50. These findings 
demonstrate that the indicators adequately capture the underlying constructs and provide strong 
evidence of convergent validity. 
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Table 4 

Measurement Model  

Variables Indicator Mean SD Loadings Α CR (rho c) AVE 
PEJ PEJ1 0.902  0.013  0.902  0.884 0.928 0.812 

 PEJ2 0.900  0.011  0.901     
 PEJ3 0.901  0.012  0.900     

TR TR1 0.768  0.030  0.770  0.887 0.916 0.687 
 TR2 0.841  0.019  0.842     

 TR3 0.827  0.026  0.830     
 TR4 0.844  0.022  0.846     

 TR5 0.852  0.019  0.853     
PU PU1 0.848  0.016  0.848  0.845 0.895 0.681 

 PU2 0.847  0.017  0.847     
 PU3 0.751  0.028  0.752     

 PU4 0.850  0.017  0.850     
PEOU PEOU1 0.803  0.020  0.804  0.778 0.871 0.693 
 PEOU3 0.871  0.014  0.871     

 PEOU4 0.820  0.020  0.820     
ATT ATT1 0.799  0.021  0.799  0.816 0.877  0.641  

 ATT2 0.793  0.029  0.794     
 ATT3 0.823  0.019  0.823     

 ATT4 0.784  0.030  0.786     
IUC IUC1 0.891  0.012  0.891  0.827 0.896 0.743 

 IUC2 0.850  0.018  0.851     
 IUC3 0.842  0.018  0.843     

Note. PEOU2 and PEOU5 were deleted due to low loadings. 

Discriminant validity was evaluated using the Heterotrait–Monotrait ratio (HTMT), 
following methodological recommendations from prior research (Henseler et al., 2015; Franke & 
Sarstedt, 2019). Under these guidelines, HTMT values ≤0.85 indicate a strict level of 
discriminant validity, whereas values ≤0.90 are still acceptable under a more relaxed threshold. 
As shown in Table 5, all HTMT values were below 0.90, except for the construct of PU, which 
slightly exceeded the threshold. To further confirm discriminant validity, a bootstrapping test was 
carried out. The bias-corrected confidence intervals for all construct pairs did not include the 
value zero, indicating that each construct is statistically distinct from the others. Overall, these 
results support the conclusion that the measurement model is both valid and reliable. 

Table 5 

Discriminant Validity (HTMT) 

Variables PEJ TR PU PEOU ATT IUC 
PEJ       
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TR 0.411      
PU 0.734 0.371     
PEOU 0.798 0.452 0.919    
ATT 0.728 0.527 0.636 0.694   
IUC 0.801 0.427 0.727 0.793 0.807  

 

Structural Model 

Following Hair et al. (2022), the structural model was evaluated by estimating path 
coefficients, t-values, and p-values through a bootstrapping process with 10,000 samples. To 
address Hahn and Ang’s (2017) critique of overreliance on p-values, confidence intervals and 
effect sizes were also analyzed to enhance the rigor of hypothesis testing. 

As summarized in Table 6, the results show that eight of the ten proposed hypotheses were 
supported. PEJ exerted significant positive effects on PU (β = 0.252, p < 0.001), PEOU (β = 
0.603, p < 0.001), and ATT (β = 0.376, p < 0.001), thereby confirming H1, H2, and H3. Among 
these, the influence of PEJ on PEOU was the strongest, suggesting that enjoyment serves as a 
crucial affective driver of usability. This finding implies that when PSTs experience pleasure, 
curiosity, and satisfaction while using ChatGPT, they tend to perceive it as easier to operate and 
less cognitively demanding. The positive emotions derived from enjoyable interactions with 
ChatGPT enhance their confidence and willingness to engage with the tool, which subsequently 
strengthens perceptions of its usefulness and fosters a favorable attitude toward integrating it into 
practicum-based learning. 

The results further indicate that TR positively predicts both PEOU (β = 0.160, p = 0.002) 
and ATT (β = 0.218, p < 0.001), thereby supporting H5 and H6. This suggests that when PSTs 
trust ChatGPT’s reliability, security, and data protection mechanisms, they feel more confident 
and comfortable using it, which enhances both their PEOU and overall positive attitude toward 
the tool. However, TR did not significantly affect PU (β = 0.028, p = 0.397), leading to the 
rejection of H4. This indicates that although TR helps reduce uncertainty and encourages 
adoption, it does not directly influence PSTs’ perceptions of ChatGPT’s instrumental value for 
achieving teaching outcomes. 

Furthermore, PU significantly shaped ATT (β = 0.143, p = 0.024), supporting H7, while 
PEOU strongly influenced PU (β = 0.573, p < 0.001), confirming H9. These results suggest that 
when Generation Z PSTs perceive ChatGPT as both useful and easy to use during their teaching 
practicum, they are more likely to develop positive attitudes toward its pedagogical application. 
However, PEOU did not show significant effect on ATT (β = 0.129, p = 0.058), leading to the 
rejection of H8. This indicates that ease of use alone may not be sufficient to foster positive 
attitudes unless accompanied by PU or emotional satisfaction. ATT was identified as the 
strongest predictor of IUC (β = 0.676, p < 0.001), providing strong support for H10. This 
highlights that Generation Z PSTs’ positive attitudes play a decisive role in shaping their 
intention to continue using ChatGPT as a pedagogical assistant in future teaching practices. 
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The study further assessed the effect size (f²) of each predictor to determine its relative 
contribution. Based on Cohen’s (1988) criteria, f² values of 0.02, 0.15, and 0.35 indicate small, 
medium, and large effects. As reported in Table 6, the largest effect was observed from ATT to 
IUC (f² = 0.840), indicating a substantial impact. This was followed by PEJ to PEOU (f² = 0.581) 
and PEOU to PU (f² = 0.445), both representing large effects. A moderate effect was found for 
PEJ to ATT (f² = 0.139), while smaller effects appeared for PEJ to PU (f² = 0.087), TR to ATT (f² 
= 0.077), and TR to PEOU (f² = 0.041). Minimal effects were noted for TR to PU (f² = 0.002), 
PEOU to ATT (f² = 0.012), and PU to ATT (f² = 0.016). 

The explanatory strength of the model was assessed through the coefficient of 
determination (R²). Based on the criteria outlined by Hair et al. (2014), values of 0.25, 0.50, and 
0.75 correspond to low, moderate, and high predictive power. As illustrated in Figure 2, the R² 
values for the endogenous constructs were PU (0.602), PEOU (0.460), ATT (0.490), and IUC 
(0.456), indicating that the model demonstrates a moderate level of explanatory capability and 
successfully captures the cognitive, affective, and behavioral mechanisms that influence PSTs’ 
engagement with ChatGPT. 

Table 6 

Hypothesis Testing  

Hypothesis Structural Path Std. Beta t-value p-value PCI LL PCI UL f2 Decision 
H1 PEJ → PU 0.252  5.158  0.000  0.161  0.352  0.087 Accepted 
H2 PEJ → PEOU 0.603  13.814  0.000  0.513  0.684  0.581 Accepted 
H3 PEJ → ATT 0.376  6.153  0.000  0.250  0.490  0.139 Accepted 
H4 TR → PU 0.028  0.847  0.397  -0.034  0.095  0.002 Rejected 
H5 TR → PEOU 0.160  3.162  0.002  0.064  0.261  0.041 Accepted 
H6 TR → ATT 0.218  4.788  0.000  0.126  0.305  0.077 Accepted 
H7 PU → ATT 0.143  2.256  0.024  0.019  0.268  0.016 Accepted 
H8 PEOU → ATT 0.129  1.899  0.058  -0.004  0.264  0.012 Rejected 
H9 PEOU → PU 0.573  10.863  0.000  0.463  0.671  0.445 Accepted 
H10 ATT → IUC 0.676  19.746  0.000  0.606  0.741  0.840 Accepted 

 Note. A bootstrapping approach with 10,000 samples was employed to calculate the 95% confidence interval. 
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Figure 2 

The Results of PLS-SEM 

 

 

To evaluate the model’s predictive performance, the PLSpredict procedure was applied in 
accordance with the guidelines of Shmueli et al. (2019). This approach employs a holdout 
sample and produces case-level predictions for both individual indicators and latent constructs 
through a 10-fold cross-validation process. As outlined by Shmueli et al., a PLS model is 
considered to have strong predictive power when its prediction errors are consistently smaller 
than those of a benchmark linear model (LM)  or indicator average (IA). In contrast, if most 
errors are greater, the model lacks predictive ability, while a smaller proportion of higher errors 
suggests moderate or weak predictive strength. As shown in Table 7, all prediction errors from 
the PLS model were smaller than those from the linear benchmark, confirming that the model 
achieves high predictive accuracy. 

Table 7 

PLS-Predict 

Indicators Q²predict PLS-SEM_RMSE LM_RMSE IA_RMSE PLS-LM PLS-IA 
PU1 0.330 0.604 0.601 0.738 0.003 -0.134 
PU2 0.302 0.670 0.680 0.803 -0.010 -0.133 
PU3 0.166 0.601 0.596 0.658 0.005 -0.057 
PU4 0.318 0.655 0.660 0.793 -0.005 -0.138 
PEOU1 0.309  0.620 0.631 0.745 -0.011 -0.125 
PEOU3 0.305  0.684 0.697 0.820 -0.013 -0.136 
PEOU4 0.320  0.707 0.724 0.857 -0.017 -0.150 
ATT1 0.363  0.577 0.582 0.723 -0.005 -0.146 
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ATT2 0.203  0.725 0.728 0.811 -0.003 -0.086 
ATT3 0.336  0.567 0.568 0.696 -0.001 -0.129 
ATT4 0.214  0.718 0.710 0.810 0.008 -0.092 
IUC1 0.332  0.604 0.590 0.739 0.014 -0.135 
IUC2 0.290  0.552 0.533 0.655 0.019 -0.103 
IUC3 0.302  0.634 0.624 0.760 0.010 -0.126 

 

Discussion 

This study investigates the determinants Generation Z PSTs acceptance and use of 
ChatGPT-assisted teaching practicum by extending TAM with two additional constructs: PEJ and 
TR to capture affective and relational dimensions of technology adoption. The results reveal that 
ATT had the strongest effect on IUC, indicating that Indonesian Generation Z PSTs’ intention to 
adopt ChatGPT-assisted teaching practicum is driven predominantly by how positively they 
evaluate the technology. This is consistent with prior studies (Cano & Nunez, 2024; Dahri et al., 
2024; Wu et al., 2024), which consistently highlights the pivotal role of ATT in shaping users’ 
behavioral intentions. Similarly, Alejandro et al. (2024) and Sun et al. (2025) reported that PSTs 
who hold positive feelings toward ChatGPT are more likely to intend to integrate it into their 
lesson plans, highlighting how favorable attitudes translate into adoption intentions. The strong 
influence of ATT can be attributed to ChatGPT’s ability to simplify core instructional tasks, 
including saving time in lesson plan preparation, assisting in the discovery and development of 
teaching materials, supporting more personalized learning experiences, and enabling data-
informed analysis of student progress (Gamlem et al., 2025). These practical functions align with 
the expectations of Generation Z, who prefer digital tools that are efficient, intuitive, and capable 
of enhancing their workflow and learning outcomes. Therefore, ATT becomes the primary driver 
of adoption, as PSTs’ positive evaluations of ChatGPT directly reinforce their intention to use it 
in teaching practicum activities. 

PEJ also emerged as a strong predictor of PEOU. The strong effect of PEJ indicates that 
Generation Z PSTs perceive ChatGPT as easier to use when interactions are enjoyable and 
engaging, allowing them to focus on completing instructional tasks rather than on mastering the 
system. For Generation Z PSTs, who are familiar with intuitive and interactive digital tools, 
enjoyable interactions naturally increase perceived ease, making ChatGPT easier and more 
efficient to use. Similar results have been reported in earlier technology-adoption studies (Han et 
al., 2024; Lai et al., 2023), where enjoyment enhances users’ perception that a technology 
requires less effort to operate. Kılıç et al. (2025) further confirm that positive emotional 
experiences generated through ChatGPT’s friendly feedback and alternative solution suggestions 
lead users to view the system as simple to navigate.  

PEOU further demonstrated a strong positive effect on PU. The strong influence of PEOU 
indicates that when Gen Z PSTs find ChatGPT easy to use and comfortable, they are more likely 
to perceive ChatGPT as a practical and reliable tool that can enhance their teaching performance 
and instructional productivity, thereby driving their intention to adopt and use ChatGPT in 
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teaching practicum activities. This supports the results of Kılıç, et al. (2025), Zhang et al. (2026), 
and Sun et al. (2025), who highlight PEOU as a highly significant factor influencing GenAI 
acceptance among PSTs. Alejandro et al. (2024) further confirms that when PSTs perceive 
GenAI applications as easy to use and user-friendly, they are more likely to view these tools as 
useful for improving teaching methods and learning outcomes. 

PEJ showed a statistically significant effect on ATT toward using ChatGPT-assisted 
teaching practicum, with a moderate effect size. This result aligns with previous studies that 
identified PEJ as a key determinant of favorable attitudes toward GenAI adoption (Adouani & 
Khenissi, 2024; Fitriati et al., 2025; Cano & Nunez, 2024). This result suggests that when 
Generation Z PSTs find the use of ChatGPT enjoyable, they are more likely to develop favorable 
attitudes toward its integration in their teaching practicum. The sense of enjoyment enhances 
their engagement and openness to experimenting with emerging technologies, reinforcing 
positive emotional responses. Therefore, intrinsic motivation, particularly enjoyment, should be 
viewed as a key factor in promoting technology acceptance in teacher education program. 

The effect of PEJ on PU was significant but weak effect on PU in the ChatGPT-assisted 
teaching practicum, consistent with previous studies demonstrating that PEJ can indirectly 
enhance PU (Sabbir et al., 2020). However, the effect remained small because enjoyment 
influenced only the initial stage of use, whereas judgments of usefulness were shaped by 
practical and pedagogical considerations. PSTs perceived ChatGPT as useful only when its 
output was accurate, aligned with lesson objectives, and supported real teaching activities. Thus, 
although PEJ opened opportunities for users to recognize the value of the technology, stronger 
perceptions of usefulness were driven by task efficiency and alignment with professional 
teaching goals. 

TR was found to have a significant but weak effect on ATT, indicating that TR contributes 
to shaping users’ positive attitudes toward ChatGPT, yet its role remains secondary compared to 
other cognitive and experiential determinants. This finding aligns with previous studies 
(Albayati, 2024; Alzboon et al., 2025; Polyportis & Pahos, 2025), which emphasize that TR 
primarily serves to reduce uncertainty and foster initial comfort rather than directly shaping 
favorable evaluations. Among Indonesian Generation Z PSTs, this limited effect can be attributed 
to their advanced digital literacy and continuous engagement with AI technologies, which render 
trust an assumed condition rather than a key evaluative criterion. As digital natives, they tend to 
prioritize the system’s performance, efficiency, and learning affordances over reliability 
concerns. Therefore, TR operates as a supportive enabler that facilitates acceptance but does not 
play a decisive role in shaping overall attitudes toward ChatGPT adoption. 

TR was found to have a small but significant effect on PEOU of ChatGPT-assisted 
teaching practicum, consistent with previous studies (Al Shamsi et al., 2022; Alzboon et al., 
2025; Octavia & Nugraha, 2024). However, the effect was relatively weak, indicating that TR 
plays only a minor role in shaping how easy ChatGPT is perceived to be. This may be due to the 
high digital confidence of Gen Z PSTs, who are comfortable using new technologies without 
heavily relying on TR. In practicum settings, they are more likely to focus on factors such as 
usefulness, enjoyment, and intuitive design when evaluating ChatGPT’s support for lesson 
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planning and instructional tasks. Thus, while TR contributes to usability perceptions, it is not a 
primary driver of ChatGPT adoption for practicum-related teaching activities. 

PU also showed a significant effect on ATT toward using ChatGPT-assisted teaching 
practicum, indicating that PSTs’ ATT partially shaped by their perception of the tool’s usefulness 
for lesson planning and content preparation. This result supports Alejandro et al. (2024), who 
found that teachers’ positive attitudes toward AI applications are influenced by their perception 
of the technology’s practical benefits in enhancing instructional effectiveness and learning 
outcomes. However, the effect was small because perceiving ChatGPT as useful alone does not 
strongly influence Generation Z PSTs’ attitudes. Although they recognize that it can assist in 
preparing and organizing teaching materials, the need to review and edit outputs reduces its 
convenience and weakens its impact on attitude. This challenge is further amplified in Indonesia, 
where materials must strictly align with curriculum requirements and student characteristics, and 
differences in digital readiness across practicum schools limit reliance on the tool. Therefore, 
while ChatGPT is considered helpful, PU alone is insufficient to form a strong positive attitude 
toward its integration into the teaching practicum. 

In contrast, PEOU demonstrated a negligible and non-significant influence on ATT toward 
ChatGPT adoption among Generation Z PSTs. This result differs from earlier studies, which 
reported that PEOU plays a major role in shaping users’ attitudes toward new technologies 
(Alejandro et al., 2024; Falebita & Kok, 2024; Cano & Nunez, 2024; Geddam et al., 2024; Wu & 
Yu, 2024). However, Sun et al. (2025) support this finding, showing that PEOU does not 
significantly affect PSTs’ ATT toward GenAI use. A plausible explanation is that Generation Z 
PSTs, having grown up using various digital platforms and possessing high digital fluency, do 
not view the simplicity of ChatGPT as an important factor that shapes their attitude toward using 
it. For them, ease of use is considered a basic requirement of any technology. Their evaluation 
instead focuses on the functional benefits of ChatGPT. As a result, PEOU does not influence 
their ATT because their attention shifts from how easy ChatGPT is to operate to the practical 
value it provides in their teaching tasks. 

TR also showed no significant effect and contributed only a very small influence on the PU 
of ChatGPT among Generation Z PSTs. This result contradicts the findings of several previous 
studies (Al Shamsi et al., 2022; Alzboon et al., 2025; Octavia & Nugaraha, 2024). A possible 
explanation for this phenomenon is that Generation Z PSTs tend to distinguish between their 
general trust in technology and their evaluation of the academic benefits provided by ChatGPT. 
In the Indonesian context, where digital adoption varies across regions and educational 
institutions, Generation Z PSTs prioritize functional aspects, focusing on whether ChatGPT 
genuinely supports their academic or teaching-related tasks rather than considering how much 
they trust the technology. This supports Almogren et al. (2024), who found that TR does not 
always have a direct impact on PU. 
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Implications 

The results offer several theoretical and practical implications. Theoretically, previous 
research on technology acceptance in education has largely emphasized cognitive determinants, 
as conceptualized in TAM (Davis, 1989; Venkatesh & Davis, 2000). This study extends TAM by 
incorporating PEJ and TR as affective and relational dimensions to explain Generation Z PSTs 
acceptance of ChatGPT-assisted teaching practicum. The significant influence of PEJ on PU, 
PEOU, and ATT demonstrates that emotional engagement and intrinsic motivation are central 
predictors of technology acceptance in ChatGPT-supported teacher education. The results 
indicate that enjoyment operates not merely as an emotional response but as a motivational force 
that enhances users’ perceptions of value and usability. By positioning enjoyment as a critical 
determinant of user perception, this study expands the theoretical understanding of TAM to 
capture affective experiences in technology adoption, particularly within ChatGPT contexts. 

Second, while prior studies have shown that TR significantly influences PU in various 
digital environments (Al Shamsi et al., 2022; Alzboon et al., 2025; Octavia & Nugraha, 2024), 
the current study reveals that TR does not directly affect PU among Generation Z PSTs. This 
result refines the TAM extension by indicating that digital-native users may separate relational 
trust from perceived utility, focusing instead on pragmatic factors such as task relevance and 
performance support. However, the positive yet weak influence of TR on PEOU and ATT 
highlights its indirect role in shaping usability perception and emotional acceptance. This 
nuanced understanding contributes to advancing TAM by contextualizing trust as a secondary, 
context-sensitive construct that varies across user generations and technological familiarity 
levels. Third, the non-significant relationship between PEOU and ATT challenges the traditional 
TAM assumption that PEOU consistently predicts ATT (Aguilos & Fuchs, 2024; Geddam et al., 
2024). For Generation Z PSTs, ease of use has become an expected baseline rather than a 
differentiating factor, reflecting their high digital fluency and constant interaction with intuitive 
interfaces. This result implies that affective and experiential constructs, such as enjoyment and 
curiosity, play stronger roles in attitude formation than usability alone. Consequently, this study 
contributes to the evolution of TAM by suggesting the inclusion of digital maturity and affective 
familiarity as moderating factors influencing user attitude. Finally, the strong relationship 
between attitude and intention to use ChatGPT confirms the central mediating role of attitude in 
converting perceptions into intention to use ChatGPT. Positive emotional experiences thus 
emerge as the most influential predictors of sustained technology use. These insights contribute 
to an affective–relational extension of TAM, integrating PEJ and TR as essential components for 
understanding ChatGPT acceptance-assisted teaching practicum in teacher education. 

Practically, the results have important implications for teacher education, curriculum 
design, and institutional practice. In the context of teacher education, the results highlight the 
importance of fostering affective engagement to develop PSTs’ readiness to adopt ChatGPT. 
Training programs should include interactive and hands-on activities, such as using ChatGPT for 
lesson planning, instructional material design, or classroom management simulations, to make 
learning experiences both enjoyable and meaningful. These practices can enhance curiosity, 
confidence, and creativity while reducing cognitive load and anxiety during practicum activities. 
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Incorporating reflective discussions or peer-sharing sessions on ChatGPT use can further deepen 
emotional connection and critical awareness, encouraging sustained and ethical adoption of 
ChatGPT in teaching. 

From a curriculum perspective, the findings indicate the need to embed AI literacy and 
ethical competence into teacher education programs. Since TR contributes to positive attitudes, 
curricula should include modules on data privacy, bias awareness, information reliability, and 
responsible AI use to build both digital confidence and ethical sensitivity. Additionally, the 
significant relationship between PEOU and PU emphasizes the importance of usability-focused 
digital competencies, such as prompt formulation, contextual adaptation, and critical evaluation 
of AI-generated outputs. Embedding these skills within the curriculum ensures that PSTs can 
integrate ChatGPT not only technically but also pedagogically and ethically in real classroom 
contexts.  

At the institutional level, the results underscore the need for supportive policies, 
infrastructure, and professional development to sustain ChatGPT adoption. Institutions should 
implement transparent AI policies that address data protection, academic integrity, and ethical 
compliance to strengthen users’ trust and confidence. Regular professional development 
programs and ongoing technical support can further encourage responsible and confident use of 
ChatGPT in teacher education. Collaborations between universities and technology developers 
can also facilitate the creation of localized AI training platforms and user-friendly interfaces 
tailored to the needs of PSTs, ensuring accessibility, relevance, and long-term engagement. 

Conclusion 

This study examines the determinants influencing Generation Z PSTs’ acceptance of 
ChatGPT-assisted teaching practicum by extending the original TAM with two additional 
constructs: PEJ and TR. The results revealed that PEJ and TR significantly shape PEOU and 
ATT with PEJ having the strongest impact. ATT was also found to be the strongest predictor of 
IUC, emphasizing that emotional engagement, trust, and confidence are essential in encouraging 
technology adoption. The proposed framework advances TAM by integrating affective and 
relational dimensions that explain how intrinsic motivation, confidence, and perceived reliability 
contribute to technology acceptance in teacher education. Beyond theoretical contributions, these 
results provide practical guidance for educators and policymakers to develop practicum 
experiences that encourage exploration, build trust in ChatGPT, and strengthen digital 
competencies, ensuring the effective and sustainable use of ChatGPT in future instructional 
practices. This study not only advances theoretical understanding of ChatGPT acceptance in 
teacher education but also underscores the practical imperative of preparing future educators to 
confidently and ethically integrate ChatGPT into evolving digital learning environments. 

Limitation and Future Research 

This study acknowledges some limitations, which can be categorized into methodological, 
theoretical, and contextual categories. Methodologically, the use of convenience sampling may 
have introduced sampling bias and limited the generalizability of the findings. Future research 
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should consider employing probabilistic or stratified sampling techniques to ensure a more 
representative sample. Moreover, the study exclusively employed Likert-scale self-report 
instruments, which may not fully represent authentic user behavior and are susceptible to social 
desirability bias. To strengthen the validity and depth of future findings, researchers are 
encouraged to use mixed-method designs that combine surveys with qualitative techniques such 
as interviews, classroom observations, or behavioral analytics. Additionally, the cross-sectional 
design limits the ability to observe changes in PSTs’ acceptance of ChatGPT over time. 
Longitudinal research would allow scholars to track evolving attitudes, confidence, and usage 
behavior, offering deeper insights into how continuous interaction with ChatGPT influences 
sustained adoption. Theoretically, this study examined only two psychological constructs, PEJ 
and TR, which provide a relatively narrow understanding of the broader motivational and 
contextual factors influencing technology acceptance. Future research should expand the 
framework by incorporating additional variables such as self-efficacy, prior technology 
experience, mentor support, institutional resources, and classroom conditions. Examining these 
factors together would offer a more comprehensive understanding of the mechanisms shaping the 
adoption and continued use of ChatGPT in teacher education contexts. Contextually, the study 
involved PSTs from Central Java, Indonesia, which may limit the transferability of the results to 
other regions or cultural contexts. Future research should include participants from diverse 
geographical and institutional settings and conduct cross-cultural comparisons to explore how 
contextual and cultural factors shape the integration of ChatGPT in teacher education. 
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Appendix A 
Constructs and Questionnaire Items Related to ChatGPT Acceptance and Use 

Construct Number of Items Items Codes Sample Items 
PEJ 3 PEJ1 I enjoy using ChatGPT to support my 

lesson planning and teaching activities. 

  PEJ2 I find using ChatGPT in preparing 
teaching materials enjoyable and 
engaging. 

  PEJ3 Working with ChatGPT during my 
teaching practicum is a fun and 
motivating experience. 

TR 5 TR1 I believe using ChatGPT in my 
teaching practicum is secure. 

  TR2 I believe that the information 
exchanged through ChatGPT during 
lesson preparation is secure. 

  TR3 I trust that my personal and 
professional data will be kept private 
when interacting with ChatGPT. 

  TR4 I have confidence in ChatGPT’s 
security features and its ability to 
protect my information. 

  TR5 I believe that ChatGPT adequately 
protects user’s privacy. 

PU 4 PU1 Using ChatGPT helps me design and 
deliver lessons more effectively during 
my practicum. 

  PU2 ChatGPT enhances the quality of my 
lesson preparation and teaching 
performance. 

  PU3 Using ChatGPT makes it easier to 
access relevant teaching materials and 
ideas. 

  PU4 Using ChatGPT increases my 
productivity in planning and 
conducting lessons. 
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PEOU 3 PEOU1 It is easy for me to use ChatGPT to 
make teaching preparation for my 
practicum. 

  PEOU2 Preparing lessons with ChatGPT is 
simple and understandable. 

  PEOU3 I feel capable of becoming competent 
in using ChatGPT as part of my 
teaching practicum activities. 

ATT 4 ATT1 Using ChatGPT to assist my teaching 
practicum would be a favorable and 
beneficial choice. 

  ATT2 Using ChatGPT is better than using 
other digital tolls for lesson planning. 

  ATT3 I enjoy using ChatGPT for teaching and 
lesson preparation. 

  ATT4 It is beneficial to use ChatGPT 
compared to other educational 
applications. 

IUC 3 IUC1 I intend to use ChatGPT to support my 
teaching practicum. 

  IUC2 I believe using ChatGPT will continue 
in my teaching practice. 

  IUC3 I plan to keep using ChatGPT for 
teaching-related tasks in the next six 
month. 

 

 


